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Alcohol consumption can impose enormous
health and safety costs on individuals and
society.1,2 Problem drinkers account for a dis-
proportionate share of these costs.2,3 Although
millions of problem drinkers pass through the
criminal justice system each year,4,5 reducing
their alcohol consumption has proven dif!cult.
Those arrested for or convicted of an alcohol-
involved offense are sometimes ordered not to
drink or frequent bars, but abstinence is dif!-
cult to enforce because alcohol passes through
the system more quickly than other substances.
For example, a 160-pound man who exceeds
the legal drinking limit for driving after con-
suming 5 drinks in 2 hours will likely register
a 0.00 in a breathalyzer test 8 hours after
drinking.6---8

In traditional community corrections settings
(e.g., probation and parole), sanctions often
occur only after major violations or after
a series of minor violations, and they may not
be imposed until weeks or months after the
offense. However, a growing body of evidence
from neurobiology, psychology, and economics
suggests that punishment certainty is a stronger
deterrent to criminal activity than punishment
severity.9---13 Research also suggests that in-
dividuals value immediate rewards more
strongly than delayed rewards,14,15 a tendency
particularly pronounced among alcohol-
abusing populations.16,17

In 2004, South Dakota Attorney General
Larry Long proposed an innovative pilot project
called the 24/7 Sobriety Project (hereinafter,
24/7) that made twice-a-day breathalyzer tests
(i.e., once in the morning and once in the
evening) a condition of bail for those who had
been rearrested for driving while under the
in"uence of alcohol (DUI). Individuals who
failed or skipped tests were immediately sub-
ject to a short jail term, typically 1 or 2 days.
The 5-county pilot project quickly expanded

to incorporate additional counties, individ-
uals arrested or convicted for other
offenses (e.g., assault), and additional moni-
toring technologies. By the end of 2010,
more than 17 000 of the roughly 825 000
residents of South Dakota—including more
than 10% of men aged 18 to 40 years
in some counties—had participated in the
program.

Our analysis of data from the South Dakota
Attorney General’s Of!ce revealed that pro-
gram participants were ordered to take ap-
proximately 3.7 million breathalyzer tests from
2005 to 2010 and that the pass rate exceeded
99% (99.3% of the tests were clean, 0.36%
dirty, and 0.34% no shows). With inclusion
of the results from continuous alcohol moni-
toring bracelets (worn by roughly 15% of
participants), there were approximately 2.25
million days without a detected alcohol viola-
tion. These patterns suggest that the program
may have been effective in reducing problem
drinking among the target population. If 24/7

successfully reduces alcohol use among prob-
lem drinkers, we might expect improvements in
alcohol-related public health outcomes follow-
ing the establishment of the program.

Although 24/7 has won national awards
and is being implemented in other states,
evidence to date of its effectiveness has been
largely anecdotal and descriptive.18---20 We
provide the !rst rigorous empirical evaluation
of 24/7 across a range of public health out-
comes by using a differences-in-differences re-
search design that leverages the program’s
phased implementation across counties using
a 10-year county-month panel (January 2001–
December 2010).

METHODS

We measured the effects of the program by
comparing changes in public health outcomes in
counties that adopted 24/7 with changes over
the same period in control counties that did
not adopt the program. Our approach estimated

Objectives. We examined the public health impact of South Dakota’s 24/7
Sobriety Project, an innovative program requiring individuals arrested for or
convicted of alcohol-involved offenses to submit to breathalyzer tests twice per
day or wear a continuous alcohol monitoring bracelet. Those testing positive are
subject to swift, certain, and modest sanctions.

Methods. We conducted differences-in-differences analyses comparing changes
in arrests for driving while under the influence of alcohol (DUI), arrests for domestic
violence, and traffic crashes in counties with the program to counties without the
program.

Results. Between 2005 and 2010, more than 17 000 residents of South Dakota—
including more than 10% of men aged 18 to 40 years in some counties—had
participated in the 24/7 program. At the county level, we documented a 12%
reduction in repeat DUI arrests (P = .023) and a 9% reduction in domestic violence
arrests (P = .035) following adoption of the program. Evidence for traffic crashes
was mixed.

Conclusions. In community supervision settings, frequent alcohol testing with
swift, certain, and modest sanctions for violations can reduce problem drinking
and improve public health outcomes. (Am J Public Health. 2013;103:e37–e43.
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program effects on the basis of how within-
county changes in the outcomes of interest
related to within-county changes in the pro-
gram’s availability; hence, we did not rely solely
on cross-sectional variation, which can bias
estimates because of unobserved heterogeneity
across counties. Although estimates from our
approach may be considered conservative be-
cause impacts may not always be suf!ciently
large to be detected at the county level, the scale
of the program minimizes this concern.

Operationalizing 24/7 Implementation

To determine when 24/7 was implemented
in various counties within the state, we drew
from a database provided by the South Dakota
Attorney General’s Of!ce. This database in-
cludes participant-level data (e.g., demographic
characteristics, county of residence, dates of
participation) as well as detailed information
about every test (e.g., date and time of each test,
result) for all individuals assigned to the pro-
gram since its inception. We de!ned 24/7 as
operational in each county once the number of
county residents participating in 24/7 for
a given month equaled or exceeded a quarter
of the number of DUI arrests in the county,
where the latter was de!ned as the county’s
moving monthly average during the previous
year to address any seasonality. This de!nition
applied well to both large and small counties
and reduced “false positives” resulting from the
fact that some counties had a few residents
participating before the program’s formal es-
tablishment. We examined the sensitivity of
our results to alternative approaches for de-
!ning implementation.

Figure 1 displays the timing of program
implementation across South Dakota’s counties
when de!ned with this threshold. The 5-county
pilot program started in 2005 and quickly
expanded within and across counties. Once
judges realized that offenders would show up
for twice-a-day testing and that virtually all
tests were clean, they started extending the
program to those arrested for other offenses
(e.g., domestic violence) and those who had
already been convicted. Judges from other
counties learned about the pilot and asked to
join the program. By the end of 2006, there
were 19 counties administering breathalyzer
tests for 24/7 and some counties started using
continuous alcohol monitoring bracelets.

The unanimous passage of House Bill 1072
dramatically expanded the 24/7 program.21

The bill went into effect July 1, 2007, and
provided funds to counties that wanted to
adopt the program. The new law allowed
judges to order anyone they believed had an
alcohol problem, pre- or postconviction, to
participate in the program. The law also
changed rules for those who lost their license
for a repeat DUI offense. It had previously been
possible for some of these individuals to re-
ceive a permit to drive only to and from work,
but these permits were now conditional on 24/7
participation.

Many of South Dakota’s large counties were
among the early adopters of the program, but
some experienced important declines in partic-
ipation over our analysis period. For example, in
Pennington County, there were 570 participants
in 24/7 for twice-a-day testing in October 2008;
by 2010 the monthly average was 377 partic-
ipants. One potential explanation for this decline
is that 24/7 reduced drunk driving.

Dependent Variables

We focused on 3 drinking-related public
health outcomes: DUI arrests, arrests for do-
mestic violence, and traf!c crashes. Arrest data
for DUI and domestic violence from 2001 to
2010 were made available by the South
Dakota Department of Criminal Investigation.

For DUI, we can distinguish !rst-time offenders
from repeat offenders—an important distinc-
tion for a program that primarily targets repeat
offenders. Information about traf!c crashes
reported to the police from 2004 to 2010 was
made available by the South Dakota Of!ce of
Highway Safety. Table 1 presents the descrip-
tive statistics for these outcomes at the county---
month level.

In addition to looking at all traf!c crashes,
we also considered crashes involving male
drivers aged 18 to 40 years because this
subpopulation is most likely to report driving
under the in"uence of alcohol.22 This age
group also accounts for more than half of 24/7
participants. Approximately 63% of new 24/7
participants entering the program from 2005
to 2010 entered for DUI, 6% for community
corrections violations, 5% for domestic vio-
lence, 5% for assault (excluding domestic vio-
lence), 5% for drug possession, and 17% for
other offenses (numbers do not add to 100%
because of rounding).

Independent Variables

The analyses controlled for a number of
time-varying county characteristics that could
in"uence our outcomes (Table 1). County
characteristics measured monthly included the
unemployment rate,23 snowfall,24 an indicator
variable for the Sturgis Motorcycle Rally

Note. We defined 24/7 as operational in each county once the number of county residents in 24/7 for a given month equaled
or exceeded one quarter the number of driving under the influence arrests in the county, where the latter is defined as the
county’s moving monthly average during the previous year to address any seasonality. Calculations to determine when 24/7
was operational in each county exclude 55 individuals (0.3%) who wore a continuous alcohol monitoring bracelet in 2006
and 2007, but were missing residency and 24/7 status information.

FIGURE 1—Participation in South Dakota’s 24/7 Sobriety Project, 2005–2010.
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(equals 1 for Pennington, Meade, and Law-
rence counties in August of each year), and an
indicator for whether college was in session in
the 4 counties with substantial student popu-
lations. Other county characteristics available
at the annual level include vehicle miles trav-
eled,25 per capita police of!cers,26 per capita
on- and off-premises alcohol outlets,27 and
demographic characteristics including total
population, share of population that is male
aged 18 to 40 years, and share of population
that is White.28 We linearly interpolated these
annual series to construct monthly measures.

Statistical Analyses

Our statistical model was:

!1" Yit #a !24"=7it $ bXit $ g i $ dt $ eit ;

where Yit represents a public health outcome
in county i and month t. The indicator 24/7it
captures whether the program was operational

in county i and month t. The coef!cient of
interest, a, measures the effect of 24/7, which
we hypothesized to be negative. The vector Xit

includes the time-varying county-level control
covariates already described. County !xed
effects (ci) capture unobservable characteristics
of each county that are !xed over time. Finally,
the vector dt consists of !xed effects for each
month in the sample to control for seasonal and
temporal trends that are common to all
counties, such as statewide legislative changes.

In the models examining arrests for repeat
DUI offenses, we also controlled for !rst-time
DUI arrests. The inclusion of !rst-time DUI
arrests as a control potentially helps account for
unobservable factors that affect all types of
DUI, such as unobserved enforcement intensity
(for example, DUI checkpoints) or reporting
changes. Moreover, there is a mechanical re-
lationship between !rst-time and repeat DUI
arrests, because counties with a greater num-
ber of !rst-time DUI arrests have more

residents at risk for repeat DUIs, so failing to
control for this variable could lead to omitted
variable bias. Given that the precise mapping
from !rst-time DUIs into subsequent DUIs is
unknown, the relationship is modeled "exibly
by using a high-degree polynomial.

Because our outcomes involved count data
and included zeros, we estimated equation 1
using Poisson regression. The Poisson model
provides consistent estimates of the conditional
mean function across a wider range of data-
generating processes than some other count
models such as the negative binomial model.29

To conduct valid statistical inference even
under a failure of the Poisson equal mean-
variance assumption or with arbitrary forms
of within-county autocorrelation in error
terms, we reported cluster---robust standard
errors with clustering at the county level.30

We conducted our analysis by using
Stata/MP version 12 (StataCorp LP, College
Station, TX).

RESULTS

Table 2 presents the incident rate ratios
(IRRs) estimated from the Poisson regressions
of our 5 outcomes. There was no statistically or
substantively signi!cant effect of 24/7 on
!rst-time DUI arrests (DUI-1). The null !nding
is intuitive because 24/7 primarily targeted
offenders at risk for repeat DUI arrests. Al-
though, in theory, the program could create
a general deterrent effect that reduces DUI-1,
such an effect was not apparent in these data.
The IRR for 24/7 on repeat DUI was 0.883
(P= .023), which represents a 12% reduction
in arrests. The analyses also suggest that 24/7
reduced arrests for domestic violence by 9%
(IRR=0.905; P= .035; Table 2).

Table 2 shows the effect of 24/7 on traf!c
crashes overall and among male drivers aged
18 to 40 years. The model did not identify
a reduction for crashes overall (IRR = 0.980;
P = .338); however, there is suggestive evi-
dence that 24/7 may have modestly reduced
traf!c crashes for male drivers aged 18 to
40 years (IRR = 0.956; P = .085).

Table 3 demonstrates that our !ndings for
repeat DUI arrests, domestic violence arrests,
and crashes involving male drivers aged 18
to 40 years are robust across alternative
speci!cations. The !rst 3 rows address

TABLE 1—Descriptive Statistics of Model Variables for South Dakota’s 24/7 Sobriety

Project, 2001–2010

Variable No. Mean (SD) Min Median Max

Dependent

Arrests

DUI-1 7920 8.872 (24.812) 0 2 272

Repeat DUI 7920 3.228 (8.341) 0 1 82

Domestic violence 7920 2.742 (8.558) 0 0 85

Traffic crashesa

Total 5544 20.913 (44.789) 0 9 591

Men aged 18–40 y 5544 7.500 (18.547) 0 3 250

Independent

Population 7920 11 905 (23 500) 999 5533 183 048

Percentage White 7920 85.178 (24.026) 5.891 96.178 99.779

Men aged 18–40 y share of population 7920 13.266 (3.212) 7.601 12.575 25.190

Unemployment rate 7920 4.080 (1.984) 1.400 3.500 18.600

Police officers per capitab 7920 14.075 (5.583) 0 14.097 37.364

VMT per capitac 7920 1.601 (1.245) 0.500 1.282 9.444

Bars per capitab 7920 5.688 (4.026) 0 5.283 23.328

Package stores per capitab 7920 2.017 (2.212) 0 1.522 10.828

Snowfalld 7920 0.106 (0.181) 0 0 3.700

Sturgis Rally 7920 0.004 (0.061) 0 0 1

College in session 7920 0.044 (0.206) 0 0 1

Note. DUI = driving while under the influence of alcohol; DUI-1 = first-time DUI; VMT = vehicle miles traveled.
aTraffic crashes only cover 2004–2010.
bPer capita measure based on rate per 10 000 people.
c VMT are based on annualized rate; miles in 10 000s.
dAverage monthly snowfall in inches.
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alternative approaches for determining when
24/7 went into effect in each county. Our base
speci!cation de!ned 24/7 as operational when
the number of county residents participating
equaled or exceeded our threshold de!ned as
25% of the county’s average number of DUI
arrests. In the !rst and second rows, we
considered alternative thresholds based on
40% and 10% cut-offs, respectively. In the
third row, we considered whether the thresh-
old should be denominated in terms of county
population rather than DUI arrests. For repeat
DUI arrests, the reductions remained statisti-
cally signi!cant and even become larger with
the less conservative 10% threshold (from
12% to 17%; P= .016). The point estimates
remained similar for domestic violence and
crashes, but standard errors increased for

domestic violence and often declined for
crashes.

We also looked at potential data-reporting
problems (Table 3). Tribal police departments
are not required to submit arrest and crash
data to state agencies. The inclusion of DUI-1
helps us account for such reporting inconsis-
tencies in repeat DUI arrest models, but there
could still be bias in the results for domestic
violence and crashes. In the fourth row, we
re-estimated the models excluding information
reported by tribal police departments and the
point estimates remained similar.

To ensure the validity of our data on DUI
arrests, we compared our county-level DUI
arrest data with the number of DUI cases !led
by prosecutors, which are collected by a differ-
ent agency (Table 3). These data series should

be highly correlated, but not perfectly corre-
lated because DUI arrests may ultimately be
charged as a different offense or not charged at
all. Furthermore, for some counties, such as
those with tribal agencies, comprehensive ar-
rest information but not prosecution data may
be submitted to the state, or vice versa. Al-
though the median (mean) within-county cor-
relation coef!cient across the 2 data series was
high at 0.93 (0.84), the correlation was low in
some counties. (We were only able to obtain
county !ling information at the annual level,
so we correlated county DUI arrest and !ling
information at the !scal-year level.) There-
fore, in the !fth row, we excluded the 10
counties with correlation coef!cients below
0.7 (Table 3). The point estimates remain
largely unchanged.

TABLE 2—Results from Poisson Regressions: South Dakota’s 24/7 Sobriety Project, 2001–2010

DUI-1 (n = 7800),
IRR (95% CI)

Repeat DUI (n = 7920),
IRR (95% CI)

Domestic Violence
(n = 7560), IRR (95% CI)

Traffic Crashes (n = 5544),
IRR (95% CI)

Traffic Crashes, Men Aged 18–40
Years (n = 5544), IRR (95% CI)

24/7 implemented 1.062 (0.955, 1.181) 0.883* (0.794, 0.983) 0.905* (0.825, 0.993) 0.980 (0.941, 1.021) 0.956 (0.909, 1.006)

Populationa 1.607 (0.745, 3.466) 10.522* (1.343, 82.46) 2.327* (1.069, 5.068) 1.188 (0.838, 1.683) 1.625** (1.184, 2.231)

Percentage White 10.672 (0.002, 45 568) < 0.001* (< 0.001, 0.904) < 0.001 * (< 0.001, 0.743) 0.010 (< 0.001, 4.440) 0.009 (< 0.001, 5.234)

Men aged 18–40 y share

of population

< 0.001* (< 0.001, 0.654) < 0.001* (< 0.001, 0.185) < 0.001 (< 0.001, 18.344) 1.269 (0.003, 570.135) 7.358 (0.015, 3515.884)

Unemployment rate 0.981 (0.944, 1.020) 1.005 (0.975, 1.036) 0.949* (0.902, 0.998) 0.965 (0.930, 1.001) 0.967 (0.935, 1.000)

Police officers per capitab 1.008 (0.991, 1.026) 1.002 (0.984, 1.020) 1.004 (0.978, 1.030) 1.020** (1.005, 1.036) 1.018* (1.001, 1.035)

VMT per capitac 1.056 (0.887, 1.257) 1.076 (0.698, 1.661) 1.046 (0.952, 1.149) 1.007 (0.916, 1.107)

Bars per capitab 1.002 (0.977, 1.027) 0.977 (0.939, 1.017) 1.001 (0.975, 1.029) 0.997 (0.989, 1.005) 1.000 (0.990, 1.010)

Package stores per capitab 1.056* (1.002, 1.114) 0.976 (0.913, 1.044) 1.005 (0.956, 1.055) 1.000 (0.978, 1.022) 1.002 (0.980, 1.025)

Snowfalld 0.942 (0.725, 1.224) 0.903 (0.677, 1.204) 0.944 (0.843, 1.057) 1.251* (1.048, 1.493) 1.560*** (1.338, 1.820)

Sturgis Rally 2.854 (0.934, 8.723) 1.477*** (1.330, 1.641) 1.240* (1.013, 1.519) 1.642*** (1.293, 2.086) 1.485** (1.154, 1.910)

College in session 1.026 (0.677, 1.555) 0.970 (0.812, 1.159) 0.920 (0.829, 1.021) 1.071 (0.922, 1.244) 1.153* (1.003, 1.327)

DUI-1 polynomial

First degree 1.241*** (1.181, 1.304)

Second degree 0.873*** (0.838, 0.910)

Third degree 1.108*** (1.068, 1.148)

Fourth degree 0.972 (0.940, 1.004)

Fifth degree 1.000 (0.982, 1.018)

Note. CI = confidence interval; DUI = driving while under the influence of alcohol; DUI-1 = first-time DUI; IRR = incidence rate ratio; VMT = vehicle miles traveled. All models included county fixed
effects and year–month fixed effects. Ninety-five percent confidence intervals estimated by using robust standard errors clustered at the county level in parentheses. The full sample size for repeat
DUI arrests is 7920 based on a full 10-year county–month panel (66 counties · 10 y · 12 mo). The sample sizes for DUI-1 and domestic violence arrests are smaller because some counties
reported no arrests for certain offenses to the state Department of Criminal Investigation over the entire time period. For DUI-1, this includes Shannon County whereas for domestic violence this
includes Shannon, Dewey, and McPherson counties. Sample sizes for the crash models were 5544 because we only had data for 2004 through 2010 (66 counties · 7 y · 12 mo).
aNatural log of monthly linear interpolation of population.
bPer capita measure based on rate per 10 000 people.
cVMT are based on annualized rate; miles in 10 000s.
dNatural log of average monthly snowfall in inches.
*P < .05; **P < .01; ***P < .001.
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We also re-estimated the models excluding
counties that did not report either DUI-1
(Shannon) or domestic violence arrests
(Shannon, Dewey, McPherson) to the state
Department of Criminal Investigation over the
10-year period. Again, the results remain
unchanged (Table 3).

In our main results, we included DUI-1 as an
explanatory variable in the repeat DUI models
to control for unobserved enforcement activi-
ties and potential reporting bias. Controlling for
DUI-1 may not be desirable if part of the
impact of the program comes through changing
patterns in DUI-1 offending. Excluding DUI-1
from this model increased the size of the 24/7
reduction (IRR = 0.843; P= .041; Table 3).

Finally, when we estimated negative bino-
mial rather than Poisson models, we obtained
similar (albeit less precise) point estimates
(Table 3).

DISCUSSION

More than 17 000 individuals participated
in the 24/7 Sobriety Project between 2005
and 2010 and their tests indicated that there
were approximately 2.25 million days without
a detected alcohol violation. This does not
mean that there was absolutely no drinking on

those days. Rather, it provides support for
a reduction in the incidence of heavy drinking
among a population with a history of problem
drinking.

Our analysis provides strong evidence that
the 24/7 program reduced the incidence of
repeat DUI and domestic violence arrests, and
provides suggestive evidence that it may have
reduced reported traf!c crashes involving
men aged 18 to 40 years. The !ndings are
robust to many alternative assumptions and
speci!cations.

These estimated effects are not small. When
we used a measure that de!nes a 24/7 pro-
gram as operational in a county once the
number of residents participating equaled or
exceeded a quarter of DUI arrests in the
county, we found that program led to a 12%
reduction (P= .023) in repeat DUI arrests and
a 9% reduction (P= .035) in domestic violence
arrests at the county level.

Some may consider these results to be
conservative for 2 reasons. First, aggregate-
level impacts depend both on the magnitude
of the individual-level impact and the number
of program participants. Because in most
counties only a fraction of eligible DUI of-
fenders participated in the program (albeit
a high fraction in some counties), an analysis

using individual-level data could yield larger
behavioral effects of the program. However, an
important challenge with the individual-level
approach is addressing the potential selection
issues introduced by judicial discretion re-
garding who participates and for how long. Our
county-level approach overcomes this concern.

Second, de!ning 24/7 as operational only
after the number of residents participating in
the program equaled or exceeded a quarter of
DUI arrests means that we classi!ed some
counties as not operational when the program
was actually up and running. This approach
could dilute the program effect. In our sensi-
tivity analysis, we considered a less conserva-
tive 10% threshold and the reduction for
repeat DUI arrests became larger and more
precise (17%; P= .016) and conversely be-
came smaller for the higher threshold of 40%.
The alternate thresholds did not have a notice-
able effect on the other outcomes.

Most studies of interventions targeting DUI
are not directly comparable to our results
because they rely on individual-level analyses
or do not focus speci!cally on repeat DUI
arrests; however, there are some that help put
our !ndings in perspective. For California,
Rogers found that the implementation of
mandatory administrative license suspension

TABLE 3—Sensitivity Analysis: South Dakota’s 24/7 Sobriety Project

Repeat DUI, IRR (95% CI)
Domestic Violence,
IRR (95% CI)

Traffic Crashes,
Men Aged 18–40 y,

IRR (95% CI)

Definition of 24/7 program implementation

Change threshold from 25% to 40% 0.899* (0.812, 0.996) 0.909 (0.819, 1.008) 0.951* (0.907, 0.997)

Change threshold from 25% to 10% 0.834* (0.718, 0.967) 0.913 (0.832, 1.002) 0.949 (0.900, 1.001)

Change threshold to 5 residents in 24/7 per 10 000 population 0.892* (0.805, 0.989) 0.894* (0.804, 0.994) 0.955* (0.915, 0.998)

Potential reporting issues

Exclude arrests and crashes reported by tribal police agencies 0.905 (0.817, 1.003) 0.902* (0.822, 0.990) 0.951 (0.905, 1.000)

Exclude 10 counties where the correlation coefficient for DUI arrest

and court is below 0.7

0.883* (0.791, 0.986) 0.896* (0.814, 0.987) 0.955 (0.903, 1.010)

Exclude counties reporting no DUI-1 or domestic violence arrests

(Dewey, McPherson, and Shannon counties)

0.885* (0.796, 0.984) 0.905* (0.825, 0.993) 0.952 (0.904, 1.002)

Alternative specifications

Exclude controls for DUI-1 0.843* (0.715, 0.993) . . . . . .

Negative binomial (25% threshold) 0.885 (0.781, 1.002) 0.909 (0.822, 1.005) 0.958 (0.906, 1.014)

Note. CI = confidence interval; DUI = driving while under the influence of alcohol; DUI-1 = first-time DUI; IRR = incidence rate ratio. Full results available upon request. Models included the full set of
covariates except as noted.
*P < .05; **P < .01; ***P < .001.
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following a DUI arrest reduced all DUI arrests
in the state by 4%.31 For Alberta, Canada, Voas
et al. found that the introduction of a province-
wide interlock program reduced aggregate DUI
reconviction rates by 6%.32 The authors sug-
gested that this effect is “small” because less
than 10% of eligible drivers participated in the
program. Finally, Kenkel used nationally rep-
resentative data to estimate the cross-price
elasticity of the demand for drunk driving with
respect to the price of alcohol to be 0.74 for
men.33 This cross-price elasticity suggests that
it would take a 16% increase in alcohol prices
to reduce DUI among men by 12%. Thus, we
interpret our 24/7 results to be important
contributions to the DUI literature and remind
readers that we also found evidence that 24/7
reduced domestic violence arrests.

Limitations

Because 24/7 has only been in existence for
a few years, our analysis captured only the
short-run effects of the program. As counties
gain experience with implementation and as
the program is extended to a wider range of
problem users, it is possible that impacts will
increase. Alternatively, it may be that the
deterrent impacts of frequent testing may fade
over time as individuals become increasingly
removed from their program experience. Un-
derstanding the longer-run effects of the pro-
gram will be important for assessing its overall
effectiveness.

Our aggregate analysis delivered an estimate
of the average effect of the program, but it
seems possible that the program may be more
effective for certain types of offenders. Future
research that exploits individual-level data to
better understand heterogeneity in response to
24/7 would enrich our understanding of the
program and inform efforts to export this
enforcement model to other jurisdictions.

We did not address the variation in how the
program was implemented across and within
counties. Although every violation was sup-
posed to be punished with jail time, we know
this did not always occur. Future research that
accounts for program !delity would improve
our understanding of how 24/7 works.

We also considered only a limited set of
public health outcomes. If, as suggested by
these !ndings, 24/7 is successful at reducing
problem drinking, potential bene!ts may

extend to a range of outcomes not considered
here (e.g., mental health, hospitalization or
other forms of health care utilization). Further
analysis to more clearly understand the impacts
of 24/7 and similar programs on a broader
range of outcomes is warranted.

Conclusions

We found strong support for the hypothesis
that frequent alcohol testing with swift, certain,
and modest sanctions can reduce problem
drinking and improve public health outcomes.
Our empirical analysis of South Dakota’s 24/7
Sobriety Project demonstrated reductions in
arrests for repeat DUI and domestic violence as
well as suggestive evidence of a decline in
traf!c crashes involving men aged 18 to 40
years.

Taking these results in a broader perspec-
tive, our !ndings provide support for a new
approach to monitoring and in"uencing be-
haviors that relies on changes in the certainty
and celerity of consequences. We demonstrate
the ef!cacy of this approach with respect to
alcohol-related behaviors, but taken together
with emerging evidence from a similar program
in Hawaii focused on illegal drug consumption
(Project HOPE12), our !ndings suggest that this
model may have implications for in"uencing
a wide range of problem behaviors.

Although quasiexperimental analyses such
as ours provide strong evidence in favor of this
approach, we hope that our research encour-
ages funding agencies to support experimental
evaluations to provide further evidence on the
causal effects of programs such as 24/7 that
adopt innovative deterrence approaches. In-
deed, it is critical that researchers study
whether 24/7 can work outside South Dakota
in both rural and urban areas. It will also be
useful to explore how testing programs with
swift and certain sanctions can best incorporate
positive incentives for compliance as well as
treatment services. j
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